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PRICING AMERICAN PUT OPTIONS UNDER STOCHASTIC
VOLATILITY USING THE MALLIAVIN DERIVATIVE

MOHAMED KHARRAT

ABSTRACT. The aim of this paper is to develop a methodology based on Malli-
avin calculus, in order to price American options under stochastic volatility.
This leads to compute the conditional expectation E(P(X¢, V2) | (X, V})) for
any 0 <1 < t, where V; is generated by the Cox-Ingersoll-Ross (CIR) process.
Some simulations and comparisons are given.

1. INTRODUCTION

The evaluation of American options is one of the most difficult problems in
the option pricing literature. This problem should be of interest to both financial
academics and traders. Comparatively to the European options, the American op-
tions are more common. The American options pricing model based on a constant
volatility cannot explain the reality of the financial markets. Since the dynamics of
the volatility is fundamental to elaborate strategies for hedging and for arbitrage,
the pricing of options under the stochastic volatility model is required. The in-
troduction of an additional stochastic volatility factor enormously complicates the
pricing of American options. Many works have been published about option pricing
with stochastic volatility models. In the last few years, the importance of applying
Malliavin calculus was demonstrated ([IJ, 2, [6]). Malliavin calculus is a suitable
tool to compute the value of the conditional expectation in order to resolve several
problems in the field of financial mathematics, and in particular for the American
options pricing problem.

The papers developed by Fournié et al. [4] [5] are considered as the background
basis for Malliavin calculus in financial mathematics. In [2], Bally et al. have
developed a representation formula for the conditional expectation using Malliavin
calculus in order to evaluate the American option for a constant volatility. Abbas-
Turki and Lapeyre [I] have developed a new method to price American options
under stochastic volatility. The basic idea of their work was to use the Cholesky
decomposition. Using Malliavin calculus, Jerbi and Kharrat [6] have shown the
equivalence between the stochastic volatility model and the unidimensional model.
In [7], Kharrat extended this previous work to the multidimensional case.
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In this paper, we propose a new approach to resolve the American option pric-
ing problem. In order to compute the Malliavin weights, our work identifies two
new stochastic processes, searching to determine the Malliavin derivative process
associated to the stochastic process V; which is generated by the CIR process [3].

To obtain our results, we first introduce the dynamic of the model. Let X; and
V; represent two stochastic processes such that X; is generated by the process

dX; = rX;dt + X\/V, AW} (1.1)

and V; follows a mean reverting and a square-root diffusion process (CIR process)
given by

dVi = kv (0y — Vi) dt + oy / Vi dWY (1.2)

where 7 is supposed to be constant, W;° and WY are two correlated standard
Brownian motions, i.e. W% = \/1 — p2B} + pB? and WY = B2 with B a standard
2-dimensional Brownian motion and p €]— 1,1[. The parameters 0y, ky, and oy
are respectively the long-term mean, the rate of mean reversion, and the volatility
of the stochastic process V;. We assume that the volatility process V; is strictly
positive a.s.

At time [, with [ < ¢, the American put option price under stochastic volatility
is given by the equation

(X1, V) = max {max(K — X;,0); ¢ "COE(P (X, Vi) | (X, Vi) (13)

The outline of this paper is as follows: In section 2, we give our main results.
In section 3, we apply these theoretical results to price the American option with
reference to the binomial approach. We generate the results and we study the
efficiency of our model.

We note that all stochastic integrals and ordinary integrals in this article are well
defined on the interval [0,7] and in particular on any interval included in [0, T7.

2. MAIN RESULTS

In this section, our objective is to compute E(P(X;, Vi) | (X; = a,V, = j3)) for
any 0 <[ < t, with a and 8 being two positive real numbers. Firstly we compute
the Malliavin weights related to the volatility, then to the underlying asset price.

2.1. Malliavin weights related to the volatility. Since we cannot write ana-
lytically and explicitly the Malliavin derivative associated to the stochastic process
V4, in the following proposition we may identify two stochastic processes, namely
Y; and Z;, which will enable us to compute the expression of D;/Vl.

Proposition 2.1. For 0 < s <1 < t, let V| be the solution of the stochastic
differential equation (SDE)

l l
VZ=VS+/ k(H—Vr)dr—&—/ Vi dwy, (2.1)
S S

Rev. Un. Mat. Argentina, Vol. 60, No. 1 (2019)



PRICING AMERICAN PUT OPTIONS USING MALLIAVIN DERIVATIVE 139

Y; be the solution of the SDE

1 1

U \%

Y}Zl—k/ Yrdr—&—/ Y. dw,”, (2.2)
0 0 2V,

and Z; be the solution of the SDE

l 772 l n
Zl=1+/ Zrdr—/ rdW, . 2.3
) v, T 0 2V, 23)
Then, for every l we have Y;Z; =1 and D;/V} = Y1 ZnvVs.

Proof. We have YyZy = 1. Then, by using Ito’s formula, for any ¢ we have
d(Y:Z;) = 0.
For a fixed s, the process DY (V) satisfies the SDE

DY (V) = ny/V. —k/lDV(V)dr—i—l /ZDSV(VT)dWV
S A LY A
Moreover, we have the following SDE

l l
n \%
Yl:YS—k:/Yrdr—i—/ Y, dw).
s AVATA

Multiplying the above equation by Zsnv/ Vs and using the fact that Y;Z; = 1, we
get

YiZ\/ Ve = Yo Ze/ Vs — /Yzénfdw/ 1 S 2 Ve iy

Hence, we prove that DY (V}) and Y;Z,ny/V; satisfy the same SDE. Knowing the
uniqueness of the solution for the SDE, we deduce that DY (V) = YiZn/V,. O

Proposition 2.2. Let Vi, Y, and Z; be defined by (2.1), (2.2) and (2.3) respectively.
For any 0 <1 <t and for any function ¥ € C;">°(R). We have:

ft dVVS
L Z\Vs
Yin

t DY dwy
- nY; + %
1 Z\/ 1 YiZinvVs + D¢ M,

where M; = fl k(6 — V) dr + fl Ve dWY and C,"°(R) represents the space of
bounded and infinitely dzﬁerentzable functwns

U(V) P (X, Vo)
t—1

E(¥' (V) Pi( X, Vi) = E(

(2.4)

Proof. Applying stochastic integration by parts (Lemma [A.7)) to the left side of
(2.4), we have
E(W' (Vi) P (X, V7)) = E(' (V) Po(X¢, Vi + M)
b usP(Xe, Vi + M,
u tt( ty l+ l)OdWSV )
1 i ugDYVids'

=E<ww>
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where D;{Vl =Y, Zyn\v/Vys, and let us = ﬁﬁ; we get

P(X ,V M
E(W (V) P(X;, Vi) = E / VA 0wy ).
%nt—l
where ﬁ is adapted. Hence, by using Lemma we have

E(W' (V) Py (X, Vi)

Applying the Malliavin derivative, we get:

(qz(vl)Pt(ijLMz) /t dW!)
Yin(t —1) 1 ZsVVs

E( (V)P (Xt,vz+Mz)/lt<nM+Z%>ds).

On the other hand, we have

E (wvl)Pt’(Xt,vz + M) /l (nYl ; IZ)V\/]‘i) ds )
_E (]E (qf(z’)Pt’(Xt,vl M) /l t (UYI ;’Vj‘ﬁ) s ) z/=w> (2.5)

_E (qf(z') /lt (nyl ZZ)VJ‘f) dSE(P!(X,, 2 + M) Z/_Vl> .

Applying stochastic integration by parts (Lemma |A.7) to E(P/ (X, Vi + M))),
we get

E(‘I’I(Vl)Pt(Xu Vi) =E

t
E(P/(X,, Vi + M, :EPXﬂuwf/ Us odwY ).
(t( ts Vi l)) (t( ty Vi l) . fltuyD;//(Vl"'Ml)d/

— 1 3 ; .
For us = YiZony Vot DY, which is adapted, we have:
Py(X¢,Vi+ M) [ 1 V)
E(P/(X;,Vi+ M;)) =E awy . (2.6
i T ) < 1 vizavie o ™) 29
Combining (2.5) with (2.6 we obtain (2.4). O

Next, we give the expression of the Malliavin weights of the conditional expec-
tation: E(P(X¢, Vi) | Vi = B).
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Theorem 2.3. Let Vi, Y, Z;, and M; be as previously defined, and o, 3 be two
positive real numbers, for any 0 <1 < t. We have the following Malliavin weights:

Px,vi) () e
TV,(Pt(Xh‘/;)) t ty Vit ( l Zs\/ﬁ

t—1 Yin
t D WV
—/ <77Yz ) —
! Zs YiZnv/'Vs + DY M,
t dW
1 () z ‘ DY M, ' awY
Ty, (1) = - nY; + ds ;

t—1 Ym ! Zs\/ Vs 1 YiZn/Vs+ DY M,

where H is the Heaviside function.
Proof. According to (2.4)), for any ¥ € C;°(R) we have

E(W (V) Yy, (P X, V7)) = BE(' (Vi) Py (X4, Vi)

t dwy
. E(@(W)Pt(xt, Vi) (fz VAU

t—1 Yir)

t WV
_/ ny'l El
! Z ! YZST]\/>+ DY M,

So, the square integrable weight Yy, (P:(X¢, V3)) is equal to

T (P (X, Vi) =

t dwy
P(x, V) (i zsr
t—1 Yin

t DY dwy
- nYi + v
1 Zs \ﬁ 1 YiZn\/Vs + DY M,

Using the same approach, we compute the square integrable weight Ty, (1) which
is equal to

t dwY
v (LizAm DY M, wY
Ty (1) = — [ 2% ny; + L) ds y
t—1\ v Zs\ Vs 1 YiZa/Vi + DY M,

O

2.2. Computation of Malliavin weights related to the underlying asset
price. We have computed the first conditional expectation. In the following, using
the Malliavin calculus, we shall write E(P,(X¢, Vi) | (X; = o, V, = )) as a ratio of
ordinal expectations. In order to do this we need the following result.
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Proposition 2.4. Let X; = Xjexp (flt rds+ flt VVedW?s — % lt Vs ds) for any
0<l<tandforany ¥ € CF>(R). We have

l t
JE(MXl)AXt(m)=E<W<X1>Axf(5) (} o L[ +1>>.

X VVe t=1J1 VVs
(2.7)
Proof. Let X; = XY, with X; and Y being independent, such that
Y = exp <fltrds—|—flt\/VdeSS— %fltVsds). For any 0 < I < t and for any
U e C;'OO (R), applying stochastic integration by parts to the left side of we
obtain
l
oA
E(V(X) Axy (8) = E (w(x)) [ LAy @) s
0 fO ustdes

Knowing that Df(Xl) = /V: X, assuming that us = \/% which is adapted, and
using Lemma [A-6] we get:

, v(X) (Axy(8) dWS Axy(9), ds
E(‘I’(XZ)AXZY(/D))):E< - ( e /DS % K/W))

_ g [ YD) (Axy(8) dWsS
B ! X Jo VVs

_/Ol< Y (B)Y Ve~ Alegg)m) Jd%))

_ U(X)Ax,y(B) (1 [HdWw5
e (MR ()

—E(Y¥(X)) A,y (8))-

By using the independence between X; and Y, we have:
E(Y®(X)) A,y (8) = E(T(2)E(Y Apy (8))]x,=a)- (2.8)

Using stochastic integration by parts, and for \/% which is adapted we have

Y
E(Y A’ Ax, / Us dwf,
(YAx,y(B)) = ( XY [ DS(X,)d

_p (L) [y
Xit=0J0 vV )
Combining (2.9) with (2.8) we obtain (2.7). O

The next theorem gives the analytic value of the Malliavin weights of the con-
ditional expectation E(P(X¢, Vi) | (X1 =,V = B)).

(2.9)
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Theorem 2.5. Let X; = X;exp (fltrds—F flt VVedW?E — % ltVsds), with 0 <
Il <t. We have:

A 1 Ldws 1 [taws

and

1 (1 ftaws 1 [fawd
TXL(]-) =< |7 = — = +1 )

Xi\lJo VVo t=1Ji VVi
where H is the Heaviside function.
Proof. According to (2.7)), for any ¥ € C;°(R) we have
E(V(X))Yx, (Ax, (8))) = E(¥'(X1)Ax, (8))

Ax,(B) (1 [Hdw? 1 [tdws
=E | V(X 4 - S — = 1 .
<(l>xl Uy V7 i v

Then, the square integrable weight Y x, (Ax,(8)) is defined as follows:
_AxB) (L tawd 1 tawd
X Lo VVo t=1Ji VVi '

Applying the same methodology, the expression of the square integrable weight

TXl(l)iS
1 (1 [taws 1 [taws
Ty (1)=— | = 5 s 41 . O
x (D) Xz<l 0o V. i1 VLT

3. IMPLEMENTATIONS AND SIMULATIONS

Tx, (Ax,(8))

At time [, with [ < ¢, the American put option price under stochastic volatility
is given by the equation

P/(X;) = max(max(K — X;,0); e "COE(P(X,, V2) | (X1, W))).

Using Theorem and Theorem we can compute the conditional expecta-

tion
E(P(Xe, Vi) | (X1, V1)),

At each time step ranging between the current time and maturity, we compute
an iterative calculation, comparing this conditional expectation with the intrinsic
value. This calculus is performed step by step backwards from maturity up to
the current time. With our formula, the American put option under stochastic
volatility can be performed with the Monte Carlo simulation. In the following, to
verify the efficiency (accuracy) of our approach, we compare our algorithm (Mall)
with the binomial model under stochastic volatility (Bin). To this end, we take
an interest rate r = 0.05, a rate of mean reversion ky = 3, a long term mean
Oy = 0.04, a volatility of the stochastic process V; oy = 0.1, and a strike price
K =100.

Rev. Un. Mat. Argentina, Vol. 60, No. 1 (2019)



144

MOHAMED KHARRAT

| Vo | » | So | Mall(1000) | Mall(5000) | Bin(400) | Mall(1000)-Bin(400) | Mall(5000)-Bin(400) |
0.2 —-0.1] 90 10 10 10.0000 0 0
0.2 | —0.1{100| 2.2008 2.1248 2.1254 4.68102 0.06102
0.2 | —0.1 110 | 0.1546 0.1128 0.1091 4.551072 0.3710~2
0.2 —0.7| 90 10 10 9.9997 0.0310~2 0.03102
0.2 | —0.7(100| 2.1388 2.1252 2.1267 121102 0.15102
0.2|-07(110| 0.1337 0.1275 0.1274 0.6310~2 0.0110~2
0.4|—01]90 | 10.7626 10.7087 | 10.7100 5.26102 0.1310~2
0.4 |—0.1{100| 4.2812 4.2154 4.2158 6.54102 0.04102
0.4 |—-0.1{110| 1.1852 1.1676 1.1667 1.851072 0.09102
0.4 —0.7] 90 | 10.6915 10.6844 | 10.6804 1.11102 0.4102
0.4 |—07]100| 4.2244 4.2173 4.2140 104102 0.33102
0.4 |—-07]110| 1.2057 1.1968 1.1939 1181072 0.29102
TABLE 1. Comparisons of American put options, Malliavin sto-
chastic solution, and the binomial one when the maturity is %

| Vo | » | So | Mall(1000) | Mall(5000) | Bin(400) | Mall(1000)-Bin(400) | Mall(5000)-Bin(400) |
0.2|—-0.1] 90 | 10.1809 10.1733 | 10.1706 1.03102 0.2710~2
0.2 —0.1|100 | 3.4917 3.4832 3.4747 1.70102 0.8510~2
0.2 —0.1|110| 0.7904 0.7683 0.7736 1.681072 0.5310~2
0.2|—-0.7]90 | 10.1431 10.1244 | 10.1206 2.2510~2 0.3810~2
0.2 | —0.7(100| 3.5020 3.4873 3.4807 2.13102 0.6610~2
0.2 —0.7 | 110 |  0.8569 0.8441 0.8416 1.531072 0.251072
04 |-01]90 | 12.1901 12.1853 | 12.1819 0.8210~2 0.3410~2
0.4 |-0.1|100| 6.5106 6.4952 6.4964 1.421072 0.121072
0.4|—0.1|110| 3.1285 3.0919 3.0914 3.711072 0.0510~2
04|-07]90 | 12.1537 12,1141 | 12.1122 4.151072 0.1910~2
0.4 |—-0.7]100| 6.5105 6.4924 6.4899 2.06102 0.2510~2
0.4 |—-0.7]110 | 3.1551 3.1443 3.1456 0.9410~2 0.1310~2

TABLE 2. Comparisons of American put options, Malliavin sto-
chastic solution, and the binomial one when the maturity is %.
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| Vo | » | So | Mall(1000) | Mall(5000) | Bin(400) | Mall(1000)-Bin(400) | Mall(5000)-Bin(400) |

0.2|—-0.1|90 | 10.6659 10.6491 | 10.6478 1.811072 0.131072
0.2 —0.1|100| 4.6703 4.6451 4.6473 231072 0.2210~2
0.2 —0.1|110| 1.7124 1.6871 1.6832 2.92 1072 0.3910~2
02| —-0.7| 90 | 10.5979 10.5596 | 10.5637 3.421072 0.411072
0.2 —0.7 100 | 4.6943 4.6649 4.6636 3.0710~2 0.1310~2
0.2 | —0.7 | 110 1.8291 1.787 1.7874 4.171072 0.041072
0.4 ] -0.1| 90 13.3551 13.3117 13.3142 4.091072 0.25102
0.4 |—0.1|100| 8.0315 8.0078 8.0083 2.321072 0.051072
04| —01|110| 4.5811 4.5436 4.5454 3.7510~2 0.1810~2
0.4|—0.7| 90 | 13.2641 13.2205 | 13.2172 4.691072 0.331072
0.4 | —0.7|100 | 8.0259 8.0011 7.9998 2.611072 0.131072
04| —07|110| 4.6536 4.6197 4.6201 3.351072 0.0410~2

TABLE 3. Comparisons of American put options, Malliavin sto-

chastic solution, and the binomial one when the maturity is %

In Tables 1-3, under different moneyness scenarios, and for different values of
the maturity, we give the American put price computed by our model.

In order to ensure the convergence of our algorithm we use the Monte Carlo
simulation under different values of path (N = 1000 and N = 5000). For all the
different scenarios, comparing to the binomial model (400 time steps), we clearly
notice that the error decreases in a considerable extent (Mall(5000)-Bin(400) more
than Mall(1000)-Bin(400)). Hence, we can say that for N = 5000 our algorithm
converges. With this number of samples, the obtained results present a good com-
promise in terms of accuracy and convergence speed. (The relative pricing errors of
our model comparing the Bin(400) in different scenarios are less than one percent.)

4. CONCLUSION

We have performed a methodology based on Malliavin calculus to compute the
conditional expectation related to the problem of the pricing of the American put
option when the volatility is stochastic (generated by the CIR process). We have
identified two new processes allowing us to compute and write the general analytical
solution of the conditional expectation E(P:(X¢, Vi) | (X;,V;)) for I < ¢, which
appears as a suitable ratio of ordinal expectations. Our results extend the work by
Bally et al. (2005) from the constant volatility to the stochastic case. From now
on, and with this new formula, the above conditional expectation becomes much
easier to estimate using the Monte Carlo simulation. The theoretical results are
applied to the American option pricing with reference to the binomial approach
(400 steps). We simulate the results and we show that our model is efficient and
more accurate when the number of samples is 5000.
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APPENDIX A.

In what follows, we give some definitions and lemmas which constitute the basis
of our work.

Definition A.1 (See [8]). Given n € N, the family of simple n-th order functionals

is defined by S, := {¢@(A,) |y € Cpogl(RQ" R)} and we define S := J,,cjy S with
A, = (AL - AQ”) and A} = Wy — Wy for k = 0,...,2", where C3%, is the

family of smooth functions which, together ‘with their derlvatlves of any order, have
at most a polynomial growth.

Definition A.2 (See [§]). For every X = p(A,) € S, the stochastic derivative
of X at time t is defined by

Iy
dapr ™
Definition A.3 (See [§]). The space D%? of the Malliavin-differentiable random

variables is the closure of & with respect to the norm |.||; 2. In other words,
X € DY2 if, and only if, there exists a sequence (X,,) in S such that

(1) X =lim, 0o X, in L?(Q);

(2) the limit lim, o, DX, exists in L([0,7] x Q),
where HX”LQ = ||XHL2(Q) + ||DX||L2([O,T]><Q)~

DtX = (A )

In what follows, we introduce the adjoint operator of the Malliavin derivative.

Definition A.4 (See [8]). For a fixed n € N, the family P,, of the n-th order simple
processes consists of the processes U of the form U; = Zzzl or(An)17x(t), where

or € CX(R¥SR) for k=1,...,2" IF =]ti=!,t*] and tF .= .
The above formula can be rewritten more simply as Uy = ¢y, (1) (Ay). We notice
that P, € Pry1, n € N, and we define P := |, Pr as the family of simple

functionals. It is obvious that D : S — P.

neN

Definition A.5 (See [§] and [9]). Given a simple process U € P as defined in
Definition [A74] we set

1
DU = Z(@k(ﬁn)AZ - axgg@k(An)Z*n)

D % U is called the Skorohod integral of U; we will write D x U = fOT U; o dW;.

Lemma A.6 (See [8]). Let X € D2 and let U be a second-order Skorohod inte-
grable process. Then,

T T T
/ XUtOth :X/ UtOth —/ (DtX)Ut dt
0 0 0

and, when Uy is adapted, the above equation becomes

T T T
/ XUz o dWy = X/ Uy dWy; — / (D X)U, dt.
0 0 0
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Lemma A.7 (Stochastic integration by parts; see [9]). Let F € C} and X € D*2.
Then, the integration by parts

T
E(F/(X)Y)=E F(X)/O fT“g/Xdoth (A.1)
o usDsXds

holds for every random wvariable Y and for every stochastic process u for which
(A1) is well-defined, where C} is the space of functions in C' bounded together
with their derivatives.
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